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[bookmark: _Toc71790725]Introduction

[bookmark: _Toc289694091][bookmark: _Toc288646629]The ‘Left behind’ areas in Essex review seeks to provide a detailed quantitative contextual profile of the communities living in Essex, particularly those categorised as ‘left behind’. 
In commissioning this review, Essex CC are seeking to broaden and deepen their understanding of the needs and challenges in their communities, extending the scope of the data exploration beyond conventional socio-economic measures to cover challenges concerning the strength of their community and civic assets, connectivity and social isolation, the activity of the third sector and extent of civic participation in local neighbourhoods in Essex. 

[bookmark: _Toc71790726]Context of the review
The IMD has provided extensive and detailed information about deprivation in Essex but does not provide a complete picture of the county in terms of the places that are ‘left behind’, and the underlying factors which contribute to community need. 
Qualitative research has indicated that a lack of spaces to meet and poor connectivity are key priority issues for local residents in establishing healthy communities, while an active and engaged community was seen as a necessary ingredient to help affect meaningful change and address challenges[footnoteRef:2].  [2:  OCSI/Local Trust Left behind? Understanding communities on the edge https://localtrust.org.uk/insights/research/left-behind-understanding-communities-on-the-edge/] 

In order to capture these facets of community need – OCSI developed a Community Needs Index, to measure the extent to which areas are lacking in civic assets, social and physical connections, social infrastructure, a thriving third sector or engaged citizens. The subsequent research project developed by OCSI and Local Trust: Left behind? Understanding communities on the edge[footnoteRef:3] sort to explore the difference that community need makes to outcomes in deprived communities – in other words, do deprived areas with high levels of community need experience worse outcomes than those in deprived areas with stronger civic and community assets? [3:  ibid] 

The research indicated that social infrastructure – defined as places and spaces to meet, connectivity (physical and digital) and community engagement – is a key determinant in the prospects of areas, with areas lacking in these assets experiencing markedly worse socio-economic outcomes than the residents of other equally deprived areas. The areas which experience high levels of deprivation on the one hand and high levels of community need, poor community and civic infrastructure, relative isolation and low levels of participation and engagement in the wider community on the other hand were identified in the research as ‘left-behind’ areas.
This review seeks to build on this research, looking at the extent of community need in the context of the towns and neighbourhoods in Essex. The review looks at the drivers and predictors of that need and the extent to which ‘left-behind’ areas in Essex (areas that experience both high community need and high multiple deprivation) experience worse outcomes than other neighbourhoods in the county. 
The Review has three distinct phases:
· Phase 1: Seek a better understanding of community need in Essex, the extent to which Essex is ‘left behind’ and the drivers that contribute towards this. 
· Phase 2: Understand the factors that might cause a place to be ‘left behind’
· Phase 3: To understand the impact and effect on communities of those specific places that are ‘left behind’ in Essex, and comparator areas.

[bookmark: _Toc71790727]Phase 2: Understand the factors that might cause a place to be ‘left behind’
This report forms the primary output from Phase 2 of the research.
Our objective in this phase is to identify whether there are a particular set of socio-demographic characteristics that may contribute towards an area being at greater risk of being identified as ‘left-behind’. The purpose of this analysis is to identify risk factors to help inform where early interventions and additional support may help prevent further areas in Essex from being identified as ‘left-behind’.
In order to address this question, we have examined a range of socio-economic indicators to determine whether there are notable differences in the demographic and social make-up of ‘left-behind’ areas compared with non-left-behind areas. Where we have identified notable differences, we have then incorporated these indicators into a predictive model to examine the extent to which these differences contribute to areas being identified as ‘left-behind’. 
The techniques are based on identifying a set of input indicators (variously known as the ‘predictor’, ‘independent’ or ‘proxy’ variables) to predict the ‘outcome’ (or ‘dependent’, ‘to-be-predicted’ variables) for the cases (in this case, whether or not an area is ‘left-behind’). 

The model we have adopted is a logistic regression model which predicts the odds in which an identified set of inputted socio-economic variables predict an outcome, with the aim of identifying the socio-economic factors that have the biggest impact on levels of need in the area. 
A multi-staged approach has been applied to develop the model: 
· Identify suggested set of predictive variables to input[footnoteRef:4]. [4:  Note, we will be limited by the availability of sufficient evidence at neighbourhood level and there may be significant factors which we will not be able to incorporate in the model due to lack of data availability] 

· Testing input predictor indicators to see the extent to which they predict whether an area is ‘left-behind’.
· Summarise the factors that have biggest impact. 
· Identify areas in Essex with high scores on significant factors – that are at greater risk of being ‘left-behind’.

Section 1 of the report outlines the steps taken to identify the indicators included in the final model. Section 2 shows the key outputs for the model, how to interpret the findings and the key factors identified. Section 3 looks at the areas in Essex which have highest scores on these key factors in order to identify those at greatest risk of becoming ‘left-behind’ in future. A full list of indicators considered for the analysis is provided in Appendix A.


[bookmark: _Toc71790728]Section 1: Methodology

This section outlines the process of selecting the socio-demographic indicators to include in our predictive model to estimate the extent to which different factors are likely to predict whether an area is identified as ‘left-behind’. In this section we discuss the model we are using, identify the indicators considered for inclusion, outline the series of steps required to reduce this list down to a shortlist of factors we have included in the final model and the method for loading the indicators into the model.

[bookmark: _Toc71790729]Logistic regression has been used to identify key factors

Logistic regression (LR) is a statistical method used to model the probability of a certain class or event existing such as whether or not an area is ‘left-behind’. The model works by predicting an outcome for a binary variable (‘left-behind’/not ‘left-behind), Y, from one or more response variables, X. Logistic regression is used to predict the odds of an area having a characteristic based on the values of the independent variables (predictors). The odds are defined as the probability that a particular outcome is a case divided by the probability that it is a non-instance. 

This model has been applied across all wards in England to ensure that a more representative set of areas is included when determining the key factors which influence whether an area is ‘left-behind’.

The sections below will explore the steps taken to identify appropriate predictor variables to include in the model. 

[bookmark: _Toc71790730]Choosing the indicators to include in a model

A key element of producing a meaningful logistic regression model is to identify the correct number of predictor variables to include in the model. Technically you can include as many input variables as you would like to; however, in doing so you can ‘overfit’ the model so that it becomes harder to discern meaningful associations between the predictor variables and whether an area is ‘left-behind’. There is also a risk that indicators can have large standard errors[footnoteRef:5] or that any association between the predictor variables and the outcome is spurious or co-incidental e.g. there may be an association between grey hair and long-term illness but the underlying causal factor which drives this association is old age.  [5:  Standard errors estimate the uncertainty in the data, with wide standard errors identifying that an indicator is not a significant predictor of an outcome.] 


Therefore, it is important that we carefully select indicators to include in the model to ensure that we are picking out meaningful associations. 

[bookmark: _Toc71790731]The initial long-list

The initial list of variables were selected on the basis of relevance to the socio-economic processes and differing characteristics in ‘left-behind’ areas. 

Indicators from a range of sources were considered. Including open data platforms (data.go.uk, nomis) government data providers (Office for National Statistics, Public Health England, Department for Work and Pensions, Communities and Local Government, Department for Education, Gov.uk, Valuation Office Agency), third sector sources – (360 Giving, Charity Base, Power to Change) and commercial data (Ordinance Survey and Consumer Data Research Centre). 

Indicators were selected where they fulfilled the following criteria:
1) Open (subject to an Open Government Licence)
2) Had a full national coverage
3) Up to date
4) Relevant to the social, cultural, demographic and economic processes operating in neighbourhoods
5) Published at a suitable geographical level – “neighbourhood” i.e. sub-Local Authority, unless they were capturing an issue where there was no suitable proxy measures at sub-Local Authority level
6) Suitably robust (not drawn from surveys with small sample sizes and wide confidence intervals)
7) Excluding modelled indicators
8) Excluding particular composite indicators, where the individual components had greater explanatory value
9) Excluding indicators where variation can be explained by variation in local and national social policy e.g. rollout of Universal Credit
10) Excluding indicators with a low descriptive value
11) Excluding factors that are only relevant to a subset of the population e.g. travelling to work by Underground/Metro
12) Excluding factors directly measured in the Indices of Deprivation 2019 or Essex Community Needs Index
13) Avoiding variables that are likely to have a ‘multi-directional’ association with the outcome – The model assumes that the relationship between the predictor variables and the dependent variable follows a particular direction – this may be positive or negative but is constant over the range of values e.g. we may wish to avoid average age even if it is a strong predictor of whether or not an area is ‘left-behind’ if both areas with a high proportion of very young people and very old people increase the likelihood that an area could be ‘left-behind’.
We also developed our own series of composite measures from existing indicators e.g. combining different types of social housing tenure into a single Social Housing measure (so that areas with different stock transfer arrangements would not be moved into separate categories) and developed derived indicators to consider the interaction between two related factors e.g. difference between house prices and wages. 

Using these criteria, we selected an initial long list of 135 possible indicators. Appendix A lists each of these indicators with information regarding source and date coverage.

[bookmark: _Toc71790732]Excluding highly correlated variables

If input variables are highly correlated with one another (known as multicollinearity), then the effect of each on the regression model becomes less precise as the effects of each factor can be split across multiple variables. 

Correlation analysis of the long-list of indicators was used to identify potential indicators to drop from the long-list. In practice, a correlation coefficient threshold of .8** was used to define “highly correlated”. 

Those indicators that measured similar attributes of an area were dropped. However, those indicators that were highly correlated but seen to be measuring slightly different, but useful, attributes were retained in the final model.

Appendix A lists the indicators excluded as part of this process.

[bookmark: _Toc71790733][bookmark: _Toc293559788]Entering the indicators into the model

There are a number of options for entering indicators into a logistic regression model.
· Enter – all predictor indicators are entered simultaneously.
· Forward stepwise – various factors are introduced one by one - starting with the strongest predictor and stopping when addition of the next factor does not significantly improve the strength of the model.
· Backward stepwise – where all the predictor indicators are entered initially and then individual factors are removed one by one until the overall prediction does not deteriorate.

We adopted a backwards stepwise approach as we did not want to make assumptions regarding the strongest predictor variables but we did want to remove individual factors to avoid ‘overfitting’ the model.

[bookmark: _Toc71790734]Exclude variables with confidence intervals

On the first iteration of the model, we reviewed the outputs and excluded indicators with wide confidence intervals for the odds ratio outputs. We excluded these indicators as we wanted a high level of precision among our predictor variables. Where the confident intervals where wide, it was not possible to confidently predict whether the factor was more likely to influence whether an area is identified as ‘left-behind’. 

[bookmark: _Toc71790735]Exclude variables that are not ‘significant’

Only those variables which meet a cutoff for significance can be included as we do not wish to include non-significant factors in our model. In logistic regression models the cutoff can be more liberal than the conventional cutoff for significance (e.g. P < 0.10, instead of the usual P < 0.05) since its purpose is to identify potential predictor variables rather than to test a hypothesis. On the second iteration of the model we excluded those indicators with a P value of > 0.10.

[bookmark: _Toc295371891][bookmark: _Toc71790736]Short-list of indicators used in the model
Having removed non-significant factors from the model we were left with 27 predictor variables to enter into the final logistic regression model:

· All householders (aged 16+) have English as a main language
· Anti-social behaviour
· Average house price for terraced houses
· Change in unemployment claimant rate 2005 to 2019
· Criminal damage
· Current average energy efficiency of domestic buildings
· Dwelling stock built 1945-2000
· Dwelling stock built after 2000
· Economically inactive: Looking after home or family
· Employment area ratio: workplace population / resident population
· Highest level of qualification: Level 4/5 (degree or higher) qualifications
· Industry: Accommodation and food service activities
· Industry: Public administration and defence; compulsory social security
· Industry: Wholesale and retail trade; repair of motor vehicles and motor cycles
· Mortgage debt per household
· No people in household have English as a main language
· Older person unemployment (50+ receiving JSA or Universal Credit)
· Part-time employees
· People travelling more than 10km to work
· People with a limiting long-term illness aged 0-15
· Percentage of children in poverty (after housing costs)
· Population density (persons per hectare)
· Postcodes that are off the gas grid network
· Pupils achieving 5 or more Key Stage 4 (GCSE) passes at A*-C, including English and Maths
· Social rented housing
· VAT based local units employing 0 to 4 people
· Working age Benefit claimants (aged 16-24)

[bookmark: _Toc71790737]The final syntax

The model has been run in the STATA statistical product using the following syntax: 
	logit left_behind_2020 anti_social_behaviour_police_uk_ ks601ew0009dr20110101 ks501ew0007dr20110101 vacant_dwellings_excl_sh_hhdr2 ks206ew0002dr20110101 criminal_damage_and_arson_police claimant_count_50pldr20210201 lc3205ew_ltti_015dr20110101 off_gas_griddr20130101 ks206ew0005dr20110101 ben_combs_16_24_tot_lidr202008 claimant_count_change20050101 ks605ew0016dr20110101 ks601ew0002dr20110101 ks605ew0010dr20110101 vat_local_0_4_persons_employedd qs702ew_10kdr20110101 ks605ew0007dr20110101 census11_workplace1674dr201101 bp_after2000dr20200101 ks605ew0008dr20110101 mye_census11revision_popest5yr_t epc_crr_ee20090101 bres_employment_pubsectordr201 child_poverty_ahc_static_rate20 gb_mortgage_debtdr20200630 bp_1945_2000dr20200101 landregistry_t_sumpricepaid_12_m pupatt_pupres_ks4_5_a_c_inc_math social_rented_2001dr20110101, or




[bookmark: _Toc71790738]Section 2: The results

The table below shows the Odds Ratios derived from this logistic regression model[footnoteRef:6] , in order of Odds Ratio size. The Odds Ratios relate to the relative likelihood of areas having the specified outcome (in this case, whether or not the area is ‘left-behind’), with the regression model testing which indicators are significant. [6:  Odds Ratios are obtained in Stata using “logit, or” syntax. ] 


	Left-behind areas
	Odds Ratio
	Standard Error.
	z
	P>|z|
	95% Confidence Interval

	Older person unemployment (50+ receiving JSA or Universal Credit)
	1.963
	0.219
	6.04
	0
	1.577
	2.443

	People with a limiting long-term illness aged 0-15
	1.609
	0.194
	3.94
	0
	1.270
	2.038

	Working age Benefit claimants (aged 16-24)
	1.157
	0.028
	6.01
	0
	1.103
	1.213

	Criminal damage
	1.099
	0.024
	4.3
	0
	1.053
	1.147

	Dwelling stock built after 2000
	1.082
	0.021
	4.03
	0
	1.041
	1.123

	Percentage of children in poverty (after housing costs)
	1.065
	0.023
	2.92
	0.003
	1.021
	1.110

	Social rented housing
	1.060
	0.015
	3.97
	0
	1.030
	1.090

	VAT based local units employing 0 to 4 people
	1.052
	0.018
	2.96
	0.003
	1.017
	1.087

	People travelling more than 10km to work
	1.048
	0.027
	1.87
	0.062
	0.998
	1.102

	Pupils achieving 5 or more Key Stage 4 (GCSE) passes at A*-C, including English and Maths
	1.016
	0.014
	1.13
	0.259
	0.989
	1.044

	Dwelling stock built 1945-2000
	1.015
	0.006
	2.34
	0.019
	1.002
	1.028

	Change in unemployment claimant rate 2005 to 2019
	1.004
	0.002
	1.9
	0.058
	1.000
	1.007

	Average house price for terraced houses
	1.000
	0.000
	-1.06
	0.29
	1.000
	1.000

	Mortgage debt per household
	1.000
	0.000
	-2.85
	0.004
	1.000
	1.000

	Population density (persons per hectare)
	0.984
	0.008
	-2.09
	0.037
	0.969
	0.999

	Anti-social behaviour
	0.973
	0.006
	-4.63
	0
	0.962
	0.984

	Postcodes that are off the gas grid network
	0.955
	0.015
	-2.99
	0.003
	0.927
	0.984

	All householders (aged 16+) have English as a main language
	0.908
	0.050
	-1.75
	0.08
	0.815
	1.012

	Current average energy efficiency of domestic buildings
	0.875
	0.046
	-2.55
	0.011
	0.790
	0.970

	Industry: Accommodation and food service activities
	0.843
	0.045
	-3.18
	0.001
	0.759
	0.937

	Industry: Wholesale and retail trade; repair of motor vehicles and motor cycles
	0.822
	0.047
	-3.46
	0.001
	0.736
	0.919

	No people in household have English as a main language
	0.807
	0.074
	-2.33
	0.02
	0.674
	0.967

	Economically inactive: Looking after home or family
	0.803
	0.103
	-1.71
	0.088
	0.624
	1.033

	Industry: Public administration and defense; compulsory social security
	0.788
	0.061
	-3.1
	0.002
	0.677
	0.916

	Part-time employees
	0.766
	0.065
	-3.13
	0.002
	0.648
	0.905

	Highest level of qualification: Level 4/5 (degree or higher) qualifications
	0.758
	0.037
	-5.73
	0
	0.689
	0.833

	Employment area ratio: workplace population / resident population
	0.336
	0.118
	-3.12
	0.002
	0.169
	0.667



[bookmark: _Toc71790739]Interpreting the models

The model outputs can be interpreted to identify the strength of the model, and which indicators are significant risk predictors:

Strength of the model: Logistic regression techniques typically return a “pseudo-R2” statistic indicating what proportion of the variance at individual level is explained by the model. In this case, the pseudo-R2 statistic indicates that 67.5% of the variance is explained. This suggests that the model is a relatively strong predictor of whether an area is likely to be ‘left-behind’.

Significant factors: The model identifies a set of factors associated with risk of an area becoming ‘left-behind’. The strongest individual level predictors were the unemployment rate among older people (aged 50+) - areas with high scores on this factor were 96% more likely to be ‘left-behind’. Another important risk factor was children with a limiting long-term illness, where areas with high values were 60% more likely to be ’left-behind’. By contrast, areas with a high ratio of in-commuters (a larger workplace population than a resident population) were 66% less likely to be ‘left-behind’ while those with a high proportion of degree educated residents where more than 25% less likely to be ‘left-behind’. 

We can therefore conclude that the following factors exert a significant influence on whether or not an area is likely to be identified as ‘left-behind’ 

· Unemployment rate among older people (aged 50+) = more likely to be ‘left-behind’
· Children (aged 0-15) with a limiting long-term illness = more likely to be ‘left-behind’
· Areas with a high ratio of in-commuters = less likely to be ‘left-behind’
· Areas with a high proportion of people holding degree or higher level qualifications = less likely to be ‘left-behind’.

Unemployment rate among those aged 50+ is likely to directly relate to deprivation measures concerning employment outcomes as well as having a slight but significant association with low levels of engagement and civic participation.

Limiting-long-term illness among children has direct associations with health outcomes in the Indices of Deprivation as well as having some indirect impacts in terms of affecting household income and ability to participate in the wider community due to social care demands.

Areas with high levels of in-commuting are likely to have greater service and civic assets provision as they serve a wider local community and larger population. By contrast, areas which experience considerable out-commuting are more likely to have poorer provision as there is less use of assets in these neighbourhoods during the day. Strong levels of in-commuting are also a proxy measure of a strong local economy, suggesting the presence of employment locally.

The measure of degree education has a more indirect relationship with the measures of deprivation and community need encompassed in the ‘left-behind’ metric; however, high levels of education are likely to impact on labour market, income and skills measures while those with higher education may have more skills in community advocacy to support and protect the civic assets in their area and participate in local activism – which may account for the association between low community need and high presence of people with degree education.

In the following section we identify wards in Essex which score highly on each of these three factors in order to highlight which areas are at greater risk of becoming ‘left-behind’ in future.



[bookmark: _Toc71790740]Section 3: Areas in Essex that are potentially at greater risk of being identified as ‘left-behind’

The regression model above identified four key factors which are likely to increase the risk of an area becoming ‘left-behind: 

· Unemployment rate among older people (aged 50+) = more likely to be ‘left-behind’
· Children (aged 0-15) with a limiting long-term illness = more likely to be ‘left-behind’
· Areas with a high ratio of in-commuters = less likely to be ‘left-behind’
· Areas with a high proportion of people holding degree or higher level qualifications = less likely to be ‘left-behind’.

This section identifies neighbourhoods in Essex which score highly on these measures and are therefore likely to be at increased risk of being identified as ‘left-behind’.

[bookmark: _Toc71790741]Unemployment rate among older people

Unemployment rates among older people are calculated as those receiving Jobseekers Allowance or Universal Credit who are out of work and actively seeking work and who are aged between 50 and 64 (as a proportion of all aged 50-64).

65 of the 239 wards in Essex (27.2%) have a higher unemployment rate among those aged 50+ than the national average (2.7%). The table below presents the 20 wards in Essex with the highest rates of unemployment among those aged 50+. Areas identified as ‘left-behind’ are shaded blue.

	Area
	Local Authority
	Unemployment rate (aged 50+) (%)

	Pier
	Tendring
	7.0

	Harwich & Kingsway
	Tendring
	5.5

	Lee Chapel North
	Basildon
	5.1

	West Clacton & Jaywick Sands
	Tendring
	5.0

	Loughton Alderton
	Epping Forest
	5.0

	Little Parndon and Hare Street
	Harlow
	4.8

	Loughton Broadway
	Epping Forest
	4.7

	St Martin's
	Basildon
	4.7

	Vange
	Basildon
	4.7

	Shelley
	Epping Forest
	4.7

	Loughton Fairmead
	Epping Forest
	4.7

	Marconi
	Chelmsford
	4.5

	New Town and Christ Church
	Colchester
	4.3

	Netteswell
	Harlow
	4.3

	Coppins
	Tendring
	4.3

	Bluehouse
	Tendring
	4.3

	Waltham Abbey South West
	Epping Forest
	4.2

	Toddbrook
	Harlow
	4.2

	Staple Tye
	Harlow
	4.1

	Pitsea North West
	Basildon
	4.0

	Source: Department for Work and Pensions February 2021



Seven of the 12 LBAs in Essex feature among the 20 wards with the highest levels of unemployment among older workers. However, the ward with the highest unemployment among older workers – Pier in Tendring is not identified as ‘left-behind’.

Five wards in Epping Forest (including three in Laughton) feature among the top 20 in terms of unemployment rates of older people – suggesting a high prevalence of this risk factor in Epping Forest. 

[bookmark: _Toc71790742]Children (aged 0-15) with a limiting long-term illness

Data on the proportion of residents aged 0-15 with a limiting long-term illness are derived from responses to the 2011 Census, based on a self-assessment of whether or not a person who is aged 0-15 has a limiting long-term illness, health problem or disability which limits their daily activities or the work they can do. 

84 of the 239 wards in Essex (35.1%) have a higher proportion of children with a limiting-long-term illness than the national average (3.7%). The table below presents the 20 wards in Essex with the highest rates of limiting-long-term illness among those aged 0-15. Areas identified as ‘left-behind’ are shaded blue.

	Area
	Local Authority
	Limiting long-term illness (%)

	The Oakleys & Wix
	Tendring
	6.8

	Pier
	Tendring
	6.7

	St James
	Tendring
	6.7

	Weeley & Tendring
	Tendring
	6.6

	Burrsville
	Tendring
	6.3

	St John's
	Tendring
	6.0

	Bluehouse
	Tendring
	6.0

	St Osyth
	Tendring
	5.9

	Dovercourt All Saints
	Tendring
	5.8

	Coppins
	Tendring
	5.7

	Kirby Cross
	Tendring
	5.7

	Bocking North
	Braintree
	5.6

	Ardleigh & Little Bromley
	Tendring
	5.5

	West Clacton & Jaywick Sands
	Tendring
	5.5

	Pitsea North West
	Basildon
	5.3

	Walton
	Tendring
	5.3

	Little Clacton
	Tendring
	5.2

	Toddbrook
	Harlow
	5.2

	Vange
	Basildon
	5.2

	Dovercourt Tollgate
	Tendring
	5.2

	Source: Census 2011



Nine of the 12 LBAs in Essex feature among the 20 wards with the highest levels of limiting-long-term illness among those aged 0-15. However, the ward with the highest proportion of children aged 0-15 with a limiting long-term illness - Weeley & Tendring is not identified as ‘left-behind’.

The 11 wards with the highest prevalence of limiting-long-term illness among children are all located in Tendring.
[bookmark: _Toc71790743]In-commuters

The ratio of in-commuters is captured by comparing the workplace population (aged 16-74) to the resident population (aged 16-74) i.e.  workplace population/resident population – with the result expressed as a ratio. A high value suggests that the area is an employment area while a low ratio indicates people travel out of the area to seek employment. 

The table below identifies the 20 wards with the lowest workplace to residence ratio (areas where the workplace population is notably smaller than the residence population) – as a low score on this measure was identified as a key factor in predicting whether an area is ‘left-behind’. Areas identified as ‘left-behind’ are shaded blue.

	Area
	Local Authority
	Ratio of workplace/resident population

	Homelands
	Tendring
	0.16

	Cann Hall
	Tendring
	0.16

	Sumners and Kingsmoor
	Harlow
	0.17

	Maldon South
	Maldon
	0.17

	Loughton Fairmead
	Epping Forest
	0.18

	West Clacton & Jaywick Sands
	Tendring
	0.18

	Witham West
	Braintree
	0.18

	Harlow Common
	Harlow
	0.18

	South Woodham-Chetwood & Collingwood
	Chelmsford
	0.19

	Bluehouse
	Tendring
	0.19

	Vange
	Basildon
	0.20

	Hutton South
	Brentwood
	0.20

	Canvey Island North
	Castle Point
	0.20

	Wickford Park
	Basildon
	0.21

	Witham South
	Braintree
	0.21

	Lee Chapel North
	Basildon
	0.21

	Canvey Island East
	Castle Point
	0.21

	Coppins
	Tendring
	0.21

	Springfield North
	Chelmsford
	0.22

	Hullbridge
	Rochford
	0.22

	Source: Census 2011



Five of the 12 LBAs in Essex feature among the 20 wards with the lowest ratio of resident to workplace population. Again, areas of Tendring feature predominantly – accounting for five of the 10 wards with the lowest scores on this measure – this reflects the relative lack of job-opportunities in this area.

[bookmark: _Toc71790744]People holding degree or higher level qualifications

The proportion of people holding degree or higher level qualifications is derived from responses in the 2011 Census to both the educational and vocational qualifications question, and the professional qualifications question and is based on the highest levels of qualifications a person can possess. The following qualifications are included: First degree, Higher degree, NVQ levels 4 and 5, HNC, HND, Qualified Teacher status, Qualified Medical Doctor, Qualified Dentist, Qualified Nurse, Midwife, Health Visitor Other qualifications/level unknown: Other qualifications (e.g. City and Guilds, RSA/OCR, BTEC/Edexcel), Other Professional Qualifications. The rate is expressed as a percentage of all aged 16+.

164 of the 239 wards in Essex (68.6%) have a lower proportion of people with degree qualifications than the national average (27.4%). The table below presents the 20 wards in Essex with the lowest rates of people with degree level qualifications. Areas identified as ‘left-behind’ are shaded blue.

	Area
	Local Authority
	% with degree or higher qualifications

	West Clacton & Jaywick Sands
	Tendring
	7.7

	Canvey Island Central
	Castle Point
	8.2

	Bluehouse
	Tendring
	8.5

	Coppins
	Tendring
	8.6

	Canvey Island North
	Castle Point
	8.8

	Dovercourt Vines & Parkeston
	Tendring
	9.4

	Burrsville
	Tendring
	9.5

	St John's
	Tendring
	10.2

	Canvey Island East
	Castle Point
	10.5

	Canvey Island West
	Castle Point
	10.6

	Canvey Island South
	Castle Point
	11.0

	Cann Hall
	Tendring
	11.0

	Fryerns
	Basildon
	11.5

	Pitsea North West
	Basildon
	12.0

	Canvey Island Winter Gardens
	Castle Point
	12.1

	Vange
	Basildon
	12.1

	St Bartholomew's
	Tendring
	12.3

	Homelands
	Tendring
	12.3

	St James
	Tendring
	12.6

	Pitsea South East
	Basildon
	12.6

	Source: Census 2011



Eight of the 12 LBAs in Essex feature among the 20 wards with the lowest proportion of degree educated residents. Again, Tendring features predominantly, with eight wards among the 20 with the lowest proportion of degree-educated residents. It is also notable that five neighbourhoods in Canvey Island feature among the top 20 – each of these areas also featured among the top 10% on the Community Needs Index – highlighting the association between Community Need and a lack of high-level qualifications.

[bookmark: _Toc71790745]Wards experiencing multiple challenges on high risk factors

The table below lists the wards which perform less well than the national average on each of the four identified key risk factors. These wards are likely to be at increased risk of being identified as ‘left-behind’. Please note, wards currently identified as ‘left-behind’ have been excluded from this list[footnoteRef:7]. [7:  Nine of the 12 left-behind areas perform less well than the national average on the four risk factor measures: Bluehouse, Coppins, Lee Chapel North, Pitsea South East, St John's, St Osyth, Vange, Walton, West Clacton & Jaywick Sands] 


	Areas performing less well than the national average on all four risk measures

	Area
	Local Authority

	Halstead Trinity
	Braintree

	Witham West
	Braintree

	Witham North
	Braintree

	St Andrews
	Chelmsford

	Berechurch
	Colchester

	Greenstead
	Colchester

	Old Heath and The Hythe
	Colchester

	Loughton Fairmead
	Epping Forest

	Loughton Alderton
	Epping Forest

	Staple Tye
	Harlow

	Netteswell
	Harlow

	Southminster
	Maldon

	Burnham-on-Crouch South
	Maldon



13 wards are identified as having relatively high needs across all four risk factors, including three in Braintree, three in Colchester, two each in Epping Forest, Harlow and Maldon and one in Chelmsford. These areas are at greater risk of being identified as left-behind. 

In addition, a further four wards rank among the top 20 areas with the smallest average combined rank[footnoteRef:8] across these four risk factors and are also at increased risk of experiencing the challenges identified in ‘left-behind areas: [8:  This is calculated by summing the ranks across each of the four factors (where a low rank indicates higher unemployment, higher limiting-long-term illness, lower degree qualifications and lower in-commuting) and dividing the result by four.] 


	Area
	Local Authority

	Cann Hall
	Tendring

	Canvey Island East
	Castle Point

	Dovercourt Tollgate
	Tendring

	Harlow Common
	Harlow



It is notable that the geographical spread of at-risk areas is relatively wide, with nine of the 12 Local Authorities in Essex containing wards that are or are at risk of being ‘left-behind’ in contrast to the current set of identified ‘left-behind’ areas which are predominantly focused in two areas of the county (Basildon and Tendring). This suggests that some of the underlying risk factors are more of a county-wide issue rather than concentrated in a small subset of areas.


[bookmark: _Toc71790746]Appendix A: The initial long-list

The table below presents the 168 indicators considered as part of the initial long-list of predictor variables to consider including in the model.

	Indicator
	Source
	Date

	Addresses with private outdoor space
	Ordnance Survey
	Apr-20

	All householders (aged 16+) have English as a main language
	Census 2011
	2011

	All VAT based local units
	Office for National Statistics 
	2020

	Anti-social behaviour
	Police UK
	Mar-20 to Feb-21

	Average house price
	Land Registry
	Mar-20 to Feb-21

	Average house price for detached houses
	Land Registry
	Mar-20 to Feb-21

	Average house price for flats
	Land Registry
	Mar-20 to Feb-21

	Average house price for semi-detached houses
	Land Registry
	Mar-20 to Feb-21

	Average house price for terraced houses
	Land Registry
	Mar-20 to Feb-21

	Average household size
	Census 2011
	2011

	Average Point Score - Key Stage 1 pupils
	Department for Education (DfE)
	2013/14

	Change in population 2001 to 2017
	Office for National Statistics (ONS)
	2001 to 2017

	Change in unemployment claimant rate 2005 to 2019
	Department for Work and Pensions 
	2005 to 2019

	Children providing unpaid care
	Census 2011
	2011

	Criminal damage
	Police UK
	Mar-20 to Feb-21

	Current average energy efficiency of domestic buildings
	Department for Communities and Local Government
	2009 to 2016

	Drug crime offences
	Police UK
	Mar-20 to Feb-21

	Dwelling stock built 1945-2000
	Valuation Office Agency
	2020

	Dwelling stock built after 2000
	Valuation Office Agency
	2020

	Dwelling Stock by Council Tax Band - Band A
	Valuation Office Agency
	2020

	Dwellings with 9 or more rooms
	Census 2011
	2011

	Dwellings with two rooms or fewer
	Census 2011
	2011

	Economically inactive: Looking after home or family
	Census 2011
	2011

	Employment area ratio: workplace population / resident population
	Census 2011
	2011

	Fertility rate
	Office for National Statistics 
	2011-2015

	Full-time employees 
	Census 2011
	2011

	Full-time: 49 or more hours worked
	Census 2011
	2011

	Highest level of qualification: Level 1 qualifications
	Census 2011
	2011

	Highest level of qualification: Level 4/5 (degree or higher) qualifications
	Census 2011
	2011

	Households with multiple needs
	Census 2011
	2011

	Housing affordability: Total price/salary ratio (average house)
	Land Registry / Office for National Statistics
	Year ending Sep 2017 House Prices, 2015/16 Earnings

	Housing Benefit
	Department for Work and Pensions 
	Nov-20

	Industry: Accommodation and food service activities
	Census 2011
	2011

	Industry: Administrative and support service activities
	Census 2011
	2011

	Industry: Agriculture, forestry and fishing
	Census 2011
	2011

	Industry: Construction
	Census 2011
	2011

	Industry: Education
	Census 2011
	2011

	Industry: Electricity, gas, steam and air conditioning supply
	Census 2011
	2011

	Industry: Financial and insurance activities
	Census 2011
	2011

	Industry: Human health and social work activities
	Census 2011
	2011

	Industry: Information and communication
	Census 2011
	2011

	Industry: Manufacturing
	Census 2011
	2011

	Industry: Mining and quarrying
	Census 2011
	2011

	Industry: Professional, scientific and technical activities
	Census 2011
	2011

	Industry: Public administration and defence; compulsory social security
	Census 2011
	2011

	Industry: Real estate activities
	Census 2011
	2011

	Industry: Transport and storage
	Census 2011
	2011

	Industry: Water supply; sewerage, waste management and remediation activities
	Census 2011
	2011

	Industry: Wholesale and retail trade; repair of motor vehicles and motor cycles
	Census 2011
	2011

	Last worked before 2001
	Census 2011
	2011

	Lone parent in full-time employment: Total
	Census 2011
	2011

	Lone parent in part-time employment: Total
	Census 2011
	2011

	Lone parent not in employment: Total
	Census 2011
	2011

	Low birth weight
	Office for National Statistics 
	2011-2015

	Main language is not English: Cannot speak English
	Census 2011
	2011

	Main language is not English: Cannot speak English well
	Census 2011
	2011

	Median net equivalised household PAYE and benefits income
	Office for National Statistics 
	2015/16

	Mortgage debt per household
	UK Finance
	Jun-20

	National Insurance numbers issued to non-UK nationals
	Department for Work and Pensions 
	2019/20

	No people in household have English as a main language
	Census 2011
	2011

	Number of property transactions
	Land Registry
	Mar-20 to Feb-21

	Number of property transactions for detached houses
	Land Registry
	Mar-20 to Feb-21

	Number of property transactions for flats
	Land Registry
	Mar-20 to Feb-21

	Number of property transactions for semi-detached houses
	Land Registry
	Mar-20 to Feb-21

	Number of property transactions for terraced houses
	Land Registry
	Mar-20 to Feb-21

	Obesity prevalence
	House of Commons Library
	2017/18

	Older person unemployment (50+ receiving JSA or Universal Credit)
	Department for Work and Pensions 
	Feb-21

	One person in household with a long-term health problem or disability: With dependent children
	Census 2011
	2011

	Overweight or obese children in reception year
	National Child Measurement Programme, NHS Digital
	2015/16-2017/18

	Overweight or obese children in year 6
	National Child Measurement Programme, NHS Digital
	2015/16-2017/18

	Participation of state school pupils in higher education
	Office for Students
	2012-13 to 2017-18

	Part-time employees
	Census 2011
	2011

	People aged 16-24 with no qualifications
	Census 2011
	2011

	People moving into the area in the last 12 months
	Census 2011
	2011

	People travelling more than 10km to work
	Census 2011
	2011

	People travelling more than 2km to work
	Census 2011
	2011

	People with a limiting long-term illness (aged 16-64)
	Census 2011
	2011

	People with a limiting long-term illness (aged 65+)
	Census 2011
	2011

	People with a limiting long-term illness aged 0-15
	Census 2011
	2011

	People with a limiting long-term illness aged 16-24
	Census 2011
	2011

	Percentage of all dwellings that are vacant (excluding second homes and holiday homes) 
	Council tax base
	2017

	Percentage of children in poverty (after housing costs)
	End Child Poverty
	2017/18

	Percentage of domestic buildings with band A (highest) energy efficiency rating
	Department for Communities and Local Government
	2009 to 2016

	Personal debt (unsecured loans) per person aged 18+
	UK Finance
	Jun-20

	Personal Independence Payment claimants aged 16-24
	Department for Work and Pensions 
	Jan-21

	Population aged 0-15
	Office for National Statistics 
	2019

	Population aged 65+
	Office for National Statistics
	2019

	Population density (persons per hectare)
	Office for National Statistics 
	2019

	Postcodes that are off the gas grid network
	Department for Energy and Climate Change
	2013

	Private rented housing
	Census 2011
	2011

	Provides 50+ hours unpaid care a week
	Census 2011
	2011

	Provides no unpaid care
	Census 2011
	2011

	Public sector employee jobs
	Business Register and Employment Survey
	2019

	Pupil overall absences
	Department for Education (DfE)
	2013/14

	Pupil persistent absentees
	Department for Education (DfE)
	2013/14

	Pupil unauthorised absences
	Department for Education (DfE)
	2013/14

	Pupils achieving 5 or more Key Stage 4 (GCSE) passes at A*-C, including English and Maths
	Department for Education (DfE)
	2013/14

	Pupils achieving a good level of development at Early Years Foundation stage
	Department for Education (DfE)
	2013/14

	Pupils achieving Key Stage 2, Level 4 in Reading, Writing and Maths
	Department for Education (DfE)
	2013/14

	Ratio of residential property transactions to number of private dwellings
	Land Registry
	Mar-20 to Feb-21

	Self-employed people
	Census 2011
	2011

	Self-employed working full-time with employees
	Census 2011
	2011

	Self-employed working full-time without employees
	Census 2011
	2011

	Self-employed working part-time with employees
	Census 2011
	2011

	Self-employed working part-time without employees
	Census 2011
	2011

	SME lending debt per person aged 18+
	UK Finance
	Jun-20

	Social grade (N-SEC): 1 Higher managerial, administrative and professional occupations
	Census 2011
	2011

	Social grade (N-SEC): 1.1 Large employers and higher managerial and administrative occupations
	Census 2011
	2011

	Social grade (N-SEC): 1.2 Higher professional occupations
	Census 2011
	2011

	Social grade (N-SEC): 2. Lower managerial, administrative and professional occupations
	Census 2011
	2011

	Social grade (N-SEC): 3. Intermediate occupations
	Census 2011
	2011

	Social grade (N-SEC): 4. Small employers and own account workers
	Census 2011
	2011

	Social grade (N-SEC): 5. Lower supervisory and technical occupations
	Census 2011
	2011

	Social grade (N-SEC): 6. Semi-routine occupations
	Census 2011
	2011

	Social grade (N-SEC): 7. Routine occupations
	Census 2011
	2011

	Social grade (N-SEC): 8. Never worked and long-term unemployed
	Census 2011
	2011

	Social grade (N-SEC): L14.1 Never worked
	Census 2011
	2011

	Social grade (N-SEC): L14.2 Long-term unemployed
	Census 2011
	2011

	Social grade (N-SEC): L15 Full-time students
	Census 2011
	2011

	Social rented housing
	Census 2011
	2011

	Teenage mothers
	Hospital Episode Statistics (HES) NHS Digital
	2011/12-2015/16

	Ten year percentage change in total prices paid for all properties (rolling 12 months total)
	Land Registry
	2006/2007 to 2016/2017

	Ten year percentage change in total prices paid for detached houses (rolling 12 months total)
	Land Registry
	2006/2007 to 2016/2017

	Ten year percentage change in total prices paid for flats (rolling 12 months total)
	Land Registry
	2006/2007 to 2016/2017

	Ten year percentage change in total prices paid for semi-detached houses (rolling 12 months total)
	Land Registry
	2006/2007 to 2016/2017

	Ten year percentage change in total prices paid for terraced houses (rolling 12 months total)
	Land Registry
	2006/2007 to 2016/2017

	Total vacancies notified to Job Centre Plus
	Job Centre Plus
	Nov-12

	Vacant Dwellings
	Census 2011
	2011

	VAT based local units employing 0 to 4 people
	Office for National Statistics 
	2020

	VAT based local units employing 20 or more people
	Office for National Statistics 
	2020

	Vehicle crime
	Police UK
	Mar-20 to Feb-21

	Very bad health
	Census 2011
	2011

	Very good health
	Census 2011
	2011

	Work mainly at or from home
	Census 2011
	2011

	Working age Benefit claimants (aged 16-24)
	Department for Work and Pensions 
	Aug-20



Correlation analysis was run on the initial long-list of indicators to exclude highly correlated variables as multi-correlations can weaken the estimated impact of different factors. The following variables were excluded in this stage:

· [bookmark: _Hlk71128535]No people in household have English as a main language
· Very bad health
· Highest level of qualification: Level 1 qualifications
· Self-employed people
· Industry: Professional, scientific and technical activities
· Social grade (N-SEC): 1 Higher managerial, administrative and professional occupations
· Social grade (N-SEC): 1.2 Higher professional occupations
· Social grade (N-SEC): 2. Lower managerial, administrative and professional occupations
· Social grade (N-SEC): 4. Small employers and own account workers
· Social grade (N-SEC): 6. Semi-routine occupations
· Social grade (N-SEC): 7. Routine occupations
· Social grade (N-SEC): L14.1 Never worked
· Social grade (N-SEC): L14.2 Long-term unemployed
· Number of property transactions
· Average house price
· Number of property transactions for detached houses
· Average house price for detached houses
· Ten year percentage change in total prices paid for detached houses (rolling 12 months total)
· Number of property transactions for flats
· Average house price for flats
· Ten year percentage change in total prices paid for flats (rolling 12 months total)
· Number of property transactions for semi-detached houses
· Average house price for semi-detached houses
· Ten year percentage change in total prices paid for semi-detached houses (rolling 12 months total)
· Number of property transactions for terraced houses
· Ten year percentage change in total prices paid for terraced houses (rolling 12 months total)
· Pupil persistent absentees
· Pupil unauthorised absences
· Main language is not English: Cannot speak English well
· Main language is not English: Cannot speak English
· Self-employed working full-time without employees
· Overweight or obese children in year 6



[bookmark: _Toc71790747]Appendix B Left-behind areas in Essex

	LBA
	Town
	Local Authority

	Bluehouse 
	Clacton
	Tendring

	Coppins 
	Clacton
	Tendring

	Harwich & Kingsway 
	Harwich
	Tendring

	Lee Chapel North 
	Basildon
	Basildon

	Pitsea North West 
	Basildon
	Basildon

	Pitsea South East 
	Basildon
	Basildon

	St James 
	Clacton
	Tendring

	St John's 
	Clacton
	Tendring

	St Osyth 
	St Osyth/Seawick/Point Clear
	Tendring

	Vange 
	Basildon
	Basildon

	Walton 
	Walton
	Tendring

	West Clacton & Jaywick Sands 
	Jaywick
	Tendring
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